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Introduction

CO,

CO, <-> Alkalinity <-> Salinity (CO, <-> lLléno4HocTb <->ConeHoCTb)

SMOS (Soil Moisture and Ocean Salinity), SMAP (Soil Moisture Active Passive),
AMSR2 (Advanced Microwave Scanning Radiometer 2)

+3aBNCUMOCTb SIPKOCTHOM T OT CONEHOCTHN

-npocTpaHcTBeHHoe paspelueHune (50-150 km)

Ocean Colour Algorithms
-HET (PU3NYECKOWN CBA3MU, TOSIbKO CTaTUCTUYECKaS

+NPOCTpaHCTBEHHOE paspelleHie (4 - 0,25km)
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Ocean colour - Sea Surface Salinity
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Satellite Data

1997-2024 version 6.0 datasets at 4km resolution, global, daily
Rrs at standard MERIS wavelengths (412, 443, 490, 510, 560, 665 nm)

SeaWiFS September 1997 - December 2010,

MERIS April 2002 - April 2012,

Aqua-MODIS July 2002 - Dec 2019,

S-VIIRS 2012 - 2019,

S3A OLCI May 2016 - ongoing, mm”"mmm =
S3B OLCI June 2018 - ongoing. =

Composite Browser OPeNDAP
Accessa e of produc \_, Afreely ble framework
co Hﬂd 5. ‘ OPSNDAP the of
E] ime sci f
rar s, products & ma sailable to
wa g rer ardless o
s t

and SeaDAS v7.3 processor for SeaWiFS and VIIRS. G -
The Rrs values from SeaWiFS, MODIS and VIIRS were band-shifted to . o .

MERIS wavebands if necessary, and SeaWiFS and MODIS were Ths st rovesselte dberionol o Nt O Coo Conoetus i OCCCTProcessng e
corrected for inter-sensor bias when compared with MERIS in the 2003- : = '

2007 period.

VIIRS and OLCI were also corrected to MERIS levels, via a two-stage
process comparing against the MODIS-corrected-to-MERIS-levels.

Atmospheric correction was carried out using the POLYMER algorithm
for MERIS & MODIS

ESA Ocean Colour Climate Change Initiative Product User Guide for v6.0 Dataset D4.2 2022



In situ Data
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salinity in situ, PSU
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salinity in situ, PSU

salinity in situ, PSU

match-ups, r = -0.319
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salinity in situ, PSU

salinity in situ, PSU

match-ups, r =-0.131

18 4

-
o
L

,_\
IS
L

12 A

10 A

0.02 0.03 0.04

Rrs 412, sr=1

match-ups, r = -0.201

18 1

=
o
L

—
S
.

12 4

10 4

0.02 0.03

Rrs 510

0.00 0.01

0.04

300

250

200

150

100

50

500

400

F 300

200

100

salinity in situ, PSU

salinity in situ, PSU

r SSS -Rrs

match-ups, r = -0.144

18 4

funy
o
L

i
IS
L

12 4 s &

10 4

0.02 0.03 0.04

Rrs 443

0.00 0.01

match-ups, r = -0.276

0.05

18 1

=
o
L

—
S
.

12 4

10 4

0.000 0.015 0.020 0.025

Rrs 560

0.005 0.010

0.030

400

350

300

F 250

200

- 150

100

50

I 600

F 500

400

300

200

salinity in situ, PSU

salinity in situ, PSU

match-ups, r = -0.175

18 A

i
o
L

1
IS
1

12 4

10 A

T T T
0.02 0.03 0.04

Rrs 490

match-ups, r = -0.324

18 1

=
o
L

—
S
.

12 4

10 4

0.000

0.002 0.003 0.004

Rrs 665

0.001

400

300

200

100

5000

T e

4000

I 3000

2000

1000



salinity in situ, PSU

SSS - Chl-a, SSS - Kdygg
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NHC WNckycTBeHHast HEMPOHHas CceTb
ANN Artificial Neural Network

MonHocBsA3HaAs ceTb NPSIMOro pacrnpocTpaHeHUsi C OAHUM
CKPbITbIM M OAHMUM BbIXOAHbLIM CIOEM.
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NHC WNckycTBeHHast HEMPOHHas CceTb
ANN Artificial Neural Network

MonHocBsA3HaAs ceTb NPSIMOro pacrnpocTpaHeHUsi C OAHUM
CKPbITbIM M OAHMUM BbIXOAHbLIM CIOEM.
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ApxuTtekTypa cetu
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ApxuTtekTypa cetu

BxogHon cnon : 6 (Rrs 412, 443, 490, 510, 560, 665 nm)
CkpbiTbin crion 1: 5, 10, 15, 20, 30

CkpbiTbin crion 2: 5, 10, 20, 30, 40, 50, 60, 70

CkpbiTbin crion 3: 5, 10, 15, 20, 30

BbixogHon cnon : 1 (SSS)



Pesynbratbl TPEHUPOBKN, KOIPDULNEHT Koppenauum (r)
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Pesynbratbl TPEHUPOBKN, KOIPDULNEHT Koppenauum (r)
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BbiBOoa

Hu B KAKOM CKPbITOM CIlO€ HEMPOHOB HE OOMMKHO ObITb CIULLKOM Marsio
Cnuwkom maro ato 5 unun 10 (Bo BXxogHOM crioe 6 B BbIxogHoM 1)

He gomkHo bbiTb DONbLUMX pa3nnynn B pa3Mmepe coceHUX CroeB



Colour shows hidden layer 1

3aBMUCUMMOCTb KOadhdunumeHTa Koppenaumm ot Ynucra HEMPOHOB
Dependence of correlation coefficient on the number of neurons

r, training dataset
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3aBMUCUMMOCTb KOadhdunumeHTa Koppenaumm ot Ynucra HEMPOHOB
Dependence of correlation coefficient on the number of neurons

r, training dataset
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3aBMUCUMMOCTb KOadhdunumeHTa Koppenaumm ot Ynucra HEMPOHOB
Dependence of correlation coefficient on the number of neurons

r, training dataset
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3aBUCUMOCTb KOadhduuUneHTa Koppensiumm oT Yncrna HEMpPOHOB

Dependence of correlation coefficient on the number of neurons
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average r

3aBUCUMOCTb KOadhduuUneHTa Koppensiumm oT Yncrna HEMpPOHOB

Dependence of correlation coefficient on the number of neurons
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BbiBOA

CymMmmMapHoe 4ncrio HEMPOHOB B CKPbITLIX CIOSIX AOMMKHO 6bITb MeHbLUe 80-100
CymMmMapHoe 4Yncrio HEMPOHOB B CKPbITLIX CIOSIX AOMMKHO 6bITh 6osbLue 40

He gomkHo 6bITh “ancbannaHca” B pasmepe CKpbIThIX CroeB (yXe 6bino)
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Sea Surface Salinity, 2016-01
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[IpnumeHeHne ceTen
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BbiBOA

B0O3MOXHO, HY>XXHO BbIS10 HA4YaTb C 2 CKPbITbIX CIOEB



BbiBOAbI

-Hu B KakOM OTOENBbHOM CKPbITOM CII0€ HEMPOHOB HE AOMKHO ObITb CAULLIKOM Maro
-He gormkHo ObITb BonbLlunx pasnuumin (“‘ancbannaHca”) B paamepe coceaHunX CroeB
-CyMMapHOEe 4YMCrio HEMPOHOB B CKPbITbIX COSIX AOIMKHO ObiTe MeHbLUe 80-100
-CyMMapHOE 4YMCro HEMPOHOB B CKPbLITbIX COSIX AOIMKHO ObiTh BosbLue 40

[1na okoH4YaTenbHOro Bbibopa apXnTEKTYPbl CETU N HATPEHNPOBAHHOW CETH,
HeobxoanMmMo ncnonb3oBaHMe AONOMHUTENBHOW MHOPMaLKUM, HanNnpuMep, aHanus
NPOTPAHCTBEHHbLIX pacnpeneneHnin u NomnyvYeHHbIX Ha OCHOBE CETU KITMMaTUYECKUX
3Ha4YeHun

Heobxoanmo npoBegeHne MHOXECTBEHHbLIX 3KCMEPUMEHTOB A4 CrNaXXMBaHUS
CIly4anHOCTeN B TPEHNPOBKE CETEN

XKenatenbHa 6onee gnutenbHasa TPEHMPOBKA Ha aTane nepedopa ceten (Hanpmmep
He 16000, a 30000)



Cnacunbo 3a BHuMaHue!

Bonpocel
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